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Chen et al. “Bridging the Gap between Spatial and Spectral Domains: A Unified Framework for Graph Neural Networks”. ACM Comput. Surv.. 2023.
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Background: Spectral GNN
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graph part of GNN

Fast computation
& Memory-efficient
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Taxonomy: Graph Filters
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Taxonomy: Graph Filters
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Spectral Filter:
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Results: Effectiveness & Scalability
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Global view is important 
for large-scale prediction.
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Efficacy and efficiency are 
not mutually exclusive. Simple, invariable filters can 

also capture global view.



Results: Efficiency & Memory
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Memory Overhead: Mini-batch 
training facilitates device utilization.

Time Efficiency: graph operation 
bottleneck shifts across data scale.
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